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Results: Model Performance

TABLE 1
AV-FOS PERFORMANCE ON THE FOS DATASET.

Model mAP 1  Accuracy T  Strict Accuracy T AUC 1T  F1 Score ¥+ Time Cost —
GPT4V + Prompt V1 0.3181 0.7965 0.1355 0.6624 0.4581 4.3349
GPT4V + Prompt V2  0.2481 0.7668 0.1468 0.5896 0.3330 3.9792
, : L SlowFast 0.6138 0.8287 0.1125 0.8445 0.5437 0.0031
Opposition (0) Appropriate Verbal Interactions (AV) Parent Affection (Aff_parent) viT 0.6167  0.8172 0.0389 0.8486  0.5448 0.0011
AV-FOS Model 0.6879 0.8590 0.2003 0.8868 0.5936 0.0027
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